
Deep networks learn ric

Graph Your Own Prompt

Deep networks learn rich features, but these 
features often do not match semantic class 
structure.
Samples predicted as the same class may still 
appear far apart in feature space, hurting 
generalization.

Xi Ding, Lei Wang, Piotr Koniusz, Yongsheng Gao Code Paper

Results

The relational graphs show that adding GCLs yields cleaner, tighter class 
clusters with fewer cross-class links, reducing feature noise and aligning 
features with semantic predictions
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GCR: A new framework that aligns feature 
relational graphs with a class-aware masked 
prediction graph to enforce semantic 
consistency.
GCLs: Parameter-free layers that inject multi-
layer relational supervision.
Cross-space alignment: Dynamically weights 
layers to refine semantic structure.
Model-agnostic improvements: Consistent 
boosts in semantic coherence and 
generalization across diverse architectures.

Insert parameter-free GCLs after any block or layer.
Each GCL builds a feature relational graph from batch features .
Softmax outputs form a masked prediction graph, keeping only 
semantically consistent pairs.
GCLs align feature graphs to prediction graphs.
Alignment signals are weighted and added to CE loss.


